Abstract-This paper mainly focus to get the high resolution color remote sensing image, and also undertaken to remove the shaded region in the both urban and rural area. Some of the existing papers are involved to detect the shaded region and then eliminate that region, but it has some drawbacks. The detection of the edges will be affected mostly by the application of the external parameters. The edge detection process can be more helpful in the detection of the objects so that the objects can be used for further processing. In this process we have implement the region growing thresholding algorithm is used to detect the shadow region and extract the feature from the shadow region. Region growing is simplest in region-base image segmentation methods. The concept of region growing algorithm is checking the neighboring pixels of the initial seed points. Then determine whether those neighboring pixels are added to the seed points or not. In the region growing threshold algorithm Pixels are placed in the region based on their properties or the properties of the nearby pixel values. Then the pixel containing the similar properties is grouped together and then the large numbers of pixels are distributed throughout the image.
of similarity. The pixel with the minor difference is measured in the way to allocate to the respective region. Hence, this process will continue till all pixels are allocated to particular region.
Seeded region growing acquires seeds as an additional input. The segmentation results depend upon the choice of seeds. In the image, noise can cause the seeds to be poorly placed. Unseeded region growing is a changed algorithm that doesn't require explicit seeds. This method starts off with a single region -the pixel chosen here are not significant to influence the final segmentation. For an each iteration, it has been considered the surrounding pixels in the same way as the seeded region growing. It differs from the seeded region growing if the minimum is less than a predefined threshold, after it is added to the respective region. If not, then the pixel is considered significantly not same from all current regions and a new region is created with this pixel.
One variant of this technique is proposed by the authors Haralick and Shapiro (1985) , is based on the pixel intensities. To compute a test statistic, the scatter and mean of the region and the intensity of the candidate pixel is used [5] . The pixel is added to the region if the test statistic is sufficiently small, and the region's mean as well as scatter are recomputed. If not, the pixel is rejected, and is used to form a new region. A special region-growing method is also called as connected segmentation. It is based on the pixel intensities and the neighborhood-linking paths. A degree of connectivity (connectedness) will be calculated based on the path that is formed by pixels. A certain value of the two pixels are called -connected if there is a path linking those two pixels and the connectedness of this path is at least-connectedness is an equivalence relation.
Image-Based Methods
This approach makes use of certain image shadow properties such as color (or intensity), shadow structure (umbra and penumbra hypotheses), boundaries, etc. Some common ways of exploiting image shadow characteristics are: In all the RGB bands the value of shadow pixels must be low [6] . In general, shadows are darker than their surrounding (shadow darkness hypothesis), so they should have to be delimited by noticeable borders (i.e. the shadow boundaries). Luminance information is exploited in the early techniques by analyzing the edges. These hypotheses are considered (among other information) to extract candidate shadow points in color still images and video streaming. Shadow does not change their surface texture. Under general viewing conditions, surface marking tends to continue across a shadow boundary. This method is exploited to detect the background regions which are covered or uncovered by a moving cast shadow. In some color components (or combination of them), no change is observed whether the region is shadowed or not, that is, they are invariant to shadows. Advantage of this feature to extract shadow boundary information, a new space obtained from the linear combination (ratios) of the RGB bands is proposed to detect shadows in indoor scenes.
Model-Based Methods
In this approach, simple shadow properties are used jointly with some a priori knowledge of the scene to derive the geometry of buildings. In a different context, these methods are used to exploit the cloud shadows to detect clouds. These methods make assumptions about the observed scenes and, sometimes, on some image acquisition parameters like camera orientation, date and daytime of acquisition [7] [8] . Examples of how to apply such knowledge are: One or more edges of the cast shadow are oriented exactly in the light direction. Both the geometry and intensity constraints are used to detect and classify shadows in the images of constrained, simple environments. Shadow size depends upon the light source direction and the height of the objects.
Here technique which takes into account such information in combination with imprecise terrain maps to determine the probability that a given point in an aerial photographs are either in sunlight or in shadow [8] .The shadow detection techniques are proposed in these methods are quite simplified processes which are normally a part of more complex systems that refines the shadow area (along with the model of the object that has cast it) through a hypothesis-verification framework [9] . The accuracy in enclosing the shadow region is not important, since it is only employed as a hint for the presence of buildings (typically, detecting shadows is easier than detecting buildings, pedestrians, cars, etc.).
The main limitation of these methods is that they are designed for a particular type of the objects, and for specific applications. Therefore, in complex scenes, as is usually the case for highresolution images, they are not general enough for tolerate with the great diversity of geometric structures they may contain.
II. RELATED WORK
In 2007, S. Ji and X. Yuan proposed a method for Shadow Detection and Change Detection of Man-Made Objects [10] . Most of the research in remote sensing is focused on developing welldefined and reliable automated processes for the extraction of information from different types of imagery. In this communication process we have been dealing with the extraction of linear manmade objects (especially buildings) in urban areas and the determination of changes in these objects which are using high resolution IKONOS imagery. For urban planning and Geospatial Information Systems updating the modern world needs appropriate information about these changes. The change detection method [11] of approach is based on the feature extraction using interesting edges and points. Linear rectangular features such as buildings can be defined by edges joining those corner points and corner points. We have been found that each man-made object form different groups of corner points and edges, which is very useful to classify them.
Non-Linear shaped buildings and linear shaped buildings can be fetched using our new developed method. For detecting the changes feature matching technique is used. Each individual buildings boundary is identified. Separate identification pixel value is assigned to each building boundary. This is helpful for storing the boundaries of each building in a vector format. It is well known that each edge detector algorithm has some pros and cons. Additional edge-detected image s act as a backup to provide information about missing edges in the first edge detected image. Laplacian type1 operator gave us a thin edge-detected image. For some portions of low contrast boundaries the edges were not extracted. On the other side all edges in the image are detected by Laplacian type2 operator, but those appeared very thick and noisy. Therefore we used the thin edgedetected image for preliminary boundary detection. The advantages of this method are given below.  Our feature extraction based method seems more efficient than the PCA method for manmade object extraction and change detection.  Results obtained from this method can be easily captured in a vector format. So, these results are very useful for a GIS update. The disadvantage is that it is difficult to detect partially changed boundary of building using our method.
In 2005, P.M. Dare presented shadow analysis in high-resolution satellite imagery of urban areas [12] . High-resolution satellite imagery (HRSI) offers great possibilities for urban mapping. Unfortunately, shadows cast by buildings in high-density urban environments obscure much of the information in the image leading to potentially corrupted classification results or blunders in interpretation. Even though significant research has been carried out on the particular subject of shadow in remote sensing, very few studies have been focused on the particular problems associated with the high-resolution satellite imaging of the urban areas [13] . This Paper reviews past and current research and proposes a solution to the problem of automatic detection and removal of shadow features.
The tall buildings depicted are casting shadows that are obscuring many other surface features. Even the smaller buildings have been casting shadows that were obscuring details on the surrounding streets. It is somewhat ironic that the feature consists of high-resolution satellite sensors have been designed to the image that features which are mostly affected by the shadowing. In contrast, large-scale features, which are more accurately imaged by lower resolution sensors like regional vegetation patterns, containing fewer dramatic changes in elevation, and hence they are less likely to be affected by their own shadows [14] . The objective of this Paper is to present a methodology for detecting and removing shadows from HRSI of urban areas.
Methodologies and results are then presented for the two themes of this Paper: shadow detection and shadow removal. The advantages of these methods are given below.
 At present, radiometric enhancement of shadow regions is the only viable method of shadow removal.  Despite the problems, automatic shadow detection and enhancement can greatly improve the interpretability of some images (such as the Quick bird example in this Paper) [5] .
The disadvantages is the process of removing shadows from the image by radio metrically enhancing shadow regions has proved to be a much more difficult challenge to overcome [16] .
III. EXISTING SYSTEM
In this existing method, the shadow detection is undertaken by the Quick bird image which is obtained from the both rural and urban area. In this method some of the drawbacks like, there is no image calibration for the intensity and, the illumination adjustments. This technique is particularly suitable for our problem because many shadow regions may exist throughout the image, and each may have different radiometric profile. Disadvantages of existing system are given below.
 Uncertainty information that may be of interest for probability estimation is lost.  Second, the classification noise is added to the data leading to non-robust classifiers.  Training datasets are always contains classification errors or uncertainties even when data is labeled by experts. 3) Detection of Suspected Shadow Areas.
IV. PROPOSED SYSTEM

4) Elimination of False Shadows
The proposed method and the existing method are implementing some of the algorithm to reduce the shadow region of the urban and rural area. The Enhanced algorithm used to eliminate the false shadow is, Region growing thresholding algorithm. It is an easy way to construct regions from their borders and it is also easy to detect borders of existing regions. A module is a separate unit of software or hardware. Typical characteristics of modular components include portability, which allows them to be used in a variety of systems, which allows them to function with the components of other systems [17] .
1) Pre-processing 2) Feature Extraction 3) Segmentation 4) IOOPL Matching In preprocessing, the input image is under going to convert the RGB image into the gray scale image. The converted gray scale image is resized into particular resolution, so the resolution is maintained till the further process.
The accuracy of the image is affected if the noise is occurred in the image, so the filter is used to remove the noise present in the image. Then the noise free image can be used for the further process. This filtered image is then converted in the binary image. The binary image is only having the pixel values of 0 and 1. The object region is considered as a 1 and the dark area is considered as a 0.
Feature extraction is the process of extracting the required data's from the region of interest. With the help of region growing threshold method, the shadow feature is extracted and detected. In this technique, the feature extraction is carried to extract the features of the 5 major categories.
1. The Average gray scale value of the image is extracted from the image. 2. The peak value of the histogram which is obtained by the shadow peak histogram is extracted. 3. Then the threshold value of the image is extracted. 4. At the same time, the frequency of the image is also extracted from the image. 5. At last the nearby pixel values are extracted from the same image from which the above features are extracted.
Segmentation is the process of separating the required part from the cluster of unwanted background. In other words, the process of elimination of the background region is known as segmentation. To segment the required object, the color factor and the shape factor is considered but the dark region of the image should not be eliminated. The parameter of the each image is recorded and then the variation in the shadow and the dark area is noted. IOOPL matching is a process of obtaining homogeneous sections by conducting similarity matching to the IOOPL section by section. If the correlation coefficient is small, then there is some abnormal parts representing some different types of objects exist in this section. Algorithm for region growing thresholding is given below.
1. In the region growing threshold algorithm Pixels are placed in the region based on their properties or the properties of the nearby pixel values. 2. Then the pixel containing the similar properties is grouped together and then the large number of pixels is distributed throughout the image. 3. We are proposed the future enhancement based on the Region growing thresholding segmentation method.
4. Edge-based segmentation: borders between regions. Region-based segmentation: direct construction of regions 5. It is an easy way to construct regions from their borders and it is also easy to detect borders of existing regions. 6. Segmentations resulting from region growing methods and edge based methods are not usually exactly the same. 7. Region growing is simplest in region-base image segmentation methods. The concept of region growing algorithm is check the neighboring pixels of the initial seed points, then determine whether those neighboring pixels are added to the seed points or not. Fig. 1 shows the bloc diagram of the proposed scheme. The proposed scheme is implemented in MATLAB. Fig. 2 shows the input image and Fig. 3 shows the preprocessed image. The shadow detection is shown in Fig. 4 . The false shadows are removed and the resultant image is shown in Fig.  5 . Inner and outer lines are highlighted in Fig. 6 and finally output image is shown in Fig. 7 . V. CONCLUSIONS AND FUTURE SCOPE We have put forward a systematic and effective method for shadow detection and removal in a single urban high-resolution remote sensing image. Image segmentation considering shadows is applied first in order to get a shadow detection result. Then, suspected shadows are selected with the help of spectral features and spatial information of objects, and false shadows are ruled out. For shadow removal, after the homogeneous sections have been obtained by IOOPL matching, we put forward two strategies: relative radiation correction for the objects one at a time and removal of all shadows directly after PF is applied to all the homogeneous sections and correction parameters are obtained. Although image segmentation considering shadows can have better segmentation results, insufficient segmentation still exists. For example, a black car and its shadow cannot be separated. Due to the presence of the filming environment or some other reasons, obvious color cast can be viewed in some parts of a shadow area. IOOPL matching could relieve this case to a certain extent but not completely resolve the problem.
